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class ANN_Model(nn.Module):
def _ init_ (self):
super().__init_ ()
self.linearl = nn.Linear{input_size,hidden size,device=device)

Model = nn.Seguential(
self.linear? = nn.lLinear(hidden_size, num_classes, dewvice=device)

nn.Linear(input_size,hidden size,device=device),
nn.RelU(),
nn.Linear(hidden size, num classes, device=device),

l+ llnHarthJ
aturn X

Model = ANN_Model().to(device)
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Loss & Optimizer
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class ANN_ Model(nn.Module}:
det init (self):
super()._ _init_ ()
self.linsarl = nn.Linear(input_size,hidden_size,device=device)
self.linear? = nn.Linear(hidden_size, num_classes, device=device)

F forward(self, x):
self.linsarl(x)
F.relu(x)

¥ = self.linear2(x)

return x

nn.MSELoss ()
nn.BCELosS( ]
s = nn.CrossEntropyLoss () # applies nn.LogSoftmax + nn.NLLLoss, No softmax in last layer

Model = ANM_Model().to(device) # init optimizer

# optim = torch.optim.S5GD({Model.parameters(), lr=learning rate,momentum=8.9)
optim = torch.optim.Adam(Model.parameters(), lr=learning rate)
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len{train_loader)

rain_loader):
# origin shape:

[58,
images.reshape(-1,

8).to(device)
= lables.to(device)

# forward

¥ _praedict = Model(images)

# backward

loss = Loss(¥ predict, lable

es)
loss.backward()

# update wight
optim.step()

{epoch} i= {i+epoch *

n_total steps} loss={loss.item():

# zero wights
optim.zero_grad()
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n_correct = @

with torch.no grad():

comelae € O\ }. |
n_samples = @ P’ ‘\ \
for images, lables in tes ader: “\
images = . 1, 28%2 _
lables rdevice)

\ \ \\P
__ Ly predict = to
n_samples += lable

n_correct +=

(y_predict

3 * n_correct / n_samples
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